In a number of countries, youth unemployment is a pressing economic and political concern. In India, 54 percent of the country's population of 1.21 billion is below the age of 25 and faces a high rate of (disguised) unemployment. To augment youth employment, the Government of India has launched a number of skills training programs. This paper deals with participation in and the impact of one of these programs (DDUJKY) located in rural Bihar, one of India's poorest states. The analysis is based on data collected in mid-2016 and compares training participants with non-participants who applied for the scheme but eventually did not attend. We find that the training program squarely reaches the intended target group -rural poor youth. Initially, the program leads to a 29 percentage point increase in the employment rate of the trained graduates. However, two to six months after the training, the employment effect of the program drops to zero. A third of the placed graduates leave their jobs due to caste-based discrimination and another third leave due to a mismatch between the salaries offered and their living costs. The upshot is that while the training program enhances job market prospects, other labor market factors undo the positive effects.
Introduction
According to the 2013 World Development Report (WDR), worldwide, some 200 million people, including a disproportionate share of about 75 million who are below the age of 25 are unemployed and actively looking for work. The report goes on to argue that over 600 million jobs will be needed in the next 15 years to absorb the increase in the working-age population, mainly in Asia and Sub-Saharan Africa.
The issue is not only one of unemployment, but is exacerbated by the large proportion of individuals working in the informal economy. Indeed, half of all workers in developing countries are engaged in small-scale agriculture or self-employment, jobs that don't provide steady paychecks and benefits. One of the challenges in addressing youth unemployment is the low level of formal schooling compounded by the skills gap -that is, the gap between the skills needed by employers and the existing skill set of job seekers.
India is an example of a developing country facing a pressing need to devise strategies to provide regular employment to its youthful population. 1 India is amongst the youngest nations in the world and the expected 'bulge' in the 15-59 age group over the next decade offers an opportunity but also a challenge. The opportunity stems from the expected global shortage of 56 million young people (15-35 years) and India could potentially serve as a worldwide sourcing hub for skilled manpower (Ministry of Labour and Employment, 2014) . On the other hand, a failure to provide opportunities to the youth population as they enter the labour market may translate into a 'demographic disaster' rather than a dividend (Mitra and Verick, 2013) . other social markers, either in program participation or in job placement after training, then increasing government spending and augmenting the supply of trained individuals may achieve little towards the final goal of enhancing welfare and equity. Hence, from a policy perspective, it is important to examine both, the factors promoting or hindering scheme participation and to identify the impact of the scheme on employment prospects and earnings.
2 BPL is used by the Indian government to identify individuals and household in need of government assistance.
Internationally, an income of less than $1.90 per day per head in purchasing power parity terms is defined as extreme poverty. In India, the number of people living on or less than $1.90 per day based on the 2011 census was 259.5 million (21.3 percent of the population). In India, BPL scoring is done on the basis of 13 parameters ranging from 0-4. Families that score 17 or less out of 52 are classified as BPL.
Despite the large number of skills training and employment programs operating in India, and the considerable resources expended on such schemes, systematic evaluations of their impact on creating employment as well as assessing whether such schemes reach the intended population, are limited. This paper offers such an analysis. Based on both, survey and qualitative data, collected in a district in North Bihar, this paper examines the role of socio-economic and demographic characteristics in determining scheme participation. Subsequently, we evaluate the effect of scheme participation on employment and earnings.
Although the study focuses on one course offered through a government sponsored program, that is, the DDUGKY, it has much wider applicability as similar programs are being implemented in various parts of the country. For instance, another important skill building program is the "Pradhan Mantri Kaushal Vikas Yojana" (PMKVY) which is almost similar to DDUGKY and is also being implemented by the central government. In addition, various state specific programs such as 'Himayat' (for rural youth in Jammu & Kashmir), 'Roshni' (rural youth in 27 left-wing extremist districts across 9 states), and 'Star' (Standard training assessment and reward scheme) are also being implemented.
The rest of the paper unfolds by providing in Section 2 a review of the existing literature on youth training programs with a focus on schemes operating in developing countries. Section 3 provides an overview of the DDUGKY. Section 4 discusses the sampling strategy and data collection while section 5 outlines an analytical framework, presents results and explores the financial returns from the program. Section 6 contains concluding remarks.
Skills training programs in developing countries -a brief review
There is a large and active body of research using a variety of methodological approaches on the effect of skills training programs on employment outcomes and earnings in OECD countries.
For instance, Björklund (1994) and Forslund and Krueger (1997) provide early reviews of the evidence based on Sweden's experience with such programs while Heckman et al. (1999) review the US literature. 4 Based on the US experience, Heckman et al. (1999) conclude that job training programs have modest positive effects on adult earnings and no impact on the youth. These early reviews have been followed by multi-country reviews of experiences in other OECD countries.
For instance, De Koning (2005) reviews 130 studies while Kluve (2010) assesses the effects of active labor market programs including skills-training programs based on 73 microeconomic evaluations carried out in Europe. De Koning (2005) concludes that training interventions have no effect on unemployed young workers while Kluve (2010) writes that "traditional training programs are found to have a modest likelihood of recording a positive impact on post-program employment rates" but that programs targeted at the youth are less successful. Meager (2009) assesses the various review articles and concludes that, at best, the impact of vocational training programs is small, and that only small-scale programs targeted at groups experiencing a skillshortage coupled with active employer engagement and on-the-job training are likely to be effective at enhancing employment prospects. Meager (2009) also argues that is not "generally the case" that larger impacts are observed over a longer post-intervention period while at the same time pointing out that the lack of skill-training effects maybe due to slack labor demand, especially in developed countries where skill-levels are already high.
The body of work on developing countries is considerably smaller but is growing. Betcherman, Dar and Olivas (2004) review the effects of 5 youth training and employment generation programs in Latin America. In contrast to the zero effects of such programs in developed countries, all the Latin American interventions report a positive effect on the probability of employment. 5 The sharp difference in findings across different contexts is perhaps not unexpected as trainees in developing countries have lower levels of formal education and 4 Active labor market programs were initially developed in Scandinavia and thereafter spread to other OECD countries (Meager, 2009) . 5 The youth training employment programs (Joven) in Latin America were initiated in Chile in 1991 and thereafter similar programs have been implemented in Argentina, Colombia, Peru, and Uruguay. The various programs target youth from low-income families, with low educational attainment, and with limited or no job experience. The programs consist of basic literacy, training in a trade which is in demand, work experience, and help finding a job. Typically, the intervention lasts for six months and includes 200 to 400 hours of training and two to three months of work experience. skills and it is quite likely that their employability is hampered by a shortage of skills. While the experiences based on these schemes is encouraging, the picture emerging from several recent randomized evaluations of training programs targeted at disadvantaged youth does not yield such a sanguine picture. Card et al. (2011) and Ibarrarán et al. (2014) analyse the impact of a vocational training program in the Dominican Republic, Cho et al. (2013) analyse the effect of an intervention in Malawi. In both countries, reminiscent of the developed country literature, the interventions have no effect on employment. Attanasio et al. (2011) In the Indian context, we were unable to find studies that have estimated the impact of youth skills training programs sponsored by the government. Although, not offered by the government, an experimental study designed by Maitra and Mani (2013) and implemented in cooperation with non-governmental organizations offers estimates of the impact of a six month stitching and tailoring training program targeted at young women (aged 18-39 years) in New
Delhi. The paper examined the impact of the program six months and 18 months after program completion on a sample of 594 women (409 treatment and 185 control). According to the study's findings, in the short term, women who received training were 4 percentage points more likely to be self-employed, 6 percentage points more likely to be employed and earn 150% percent more per month as compared to the control group. The effects persisted in the medium-term. While the effects are impressive, the authors report that only 56% of those assigned to treatment completed the course and that there were a number of barriers to entry, chiefly, lack of access to credit, lack of child-care support and the distance from residence to the training center.
This paper analyses the effect of a training program sponsored by the DDUGKY on employment and earnings. While it is not based on an experiment, the empirical approach which is based on comparing participants with non-participants who expressed a desire in the scheme but did not eventually join, yields an arguably credible design. We work with what may seem like a relatively small sample of 526 respondents, but it is large as compared to the total pool of trained participants and the sample size is comparable to those in Alzua et al. (2016) and Maitra and Mani (2013) .
The paper is a potentially useful addition to the literature and policy debates on the relevance and usefulness of such training schemes. It offers, perhaps the first estimates of the impact of a training course sponsored by the DDUGKY. Given the resources expended on the DDUGKY and similar programs, an assessment of their effectiveness in generating employment and the cost at which they do so is sorely needed. Second, the bulk of the international literature focuses on youth training programs for disadvantaged urban youth, while this paper focuses on disadvantaged rural youth living in one of India's poorest states, that is, a group which is more likely to face a skills gap as well as other challenges compared to urban youth. 7 In principle, this is a target group for whom such skills training programs should be particularly effective.
DDUGKY
On September To elaborate, the PIA begins the implementation process by embarking on a process of community mobilisation and awareness building using different modes such as awareness camps, job fairs, placing banners, distributing handbills and pamphlets and door to door counselling.
PIA also involve village self-help groups (SHG) and Gram Panchayats (GP) in their efforts to reach out to eligible candidates. After mobilisation, candidates who have indicated an interest in a training program are asked to complete a field registration form and are then invited for counselling. During counselling, candidates and in some instances, their parents are given information on the nature of work in the selected sector, availability of jobs, growth prospects and the challenges. The counselling sessions are also used to determine whether the applicants fulfil eligibility conditions. After counselling, the list of selected candidates is sent for approval to the state missions and once approved, the candidates may join the training program.
Each course offered through the DDUGKY consists of two broad components. The first component includes training on soft skills, English and information technology and the second component deals with sector specific training. Depending on the course, the duration of training may be for 3 (576 hours), 6 (1,152 hours), 9 (1,578 hours) or 12 months (2,304 hours).
The scheme provides for on-the-job training (OJT) ranging from a maximum permissible 30 days for a 3 month course to 120 days for a one year course. The training courses offered by the PIA have to be approved by the National Council for Vocational Training (NCVT) or Sector Skill Councils (SSCs). These TSA also provide support in terms of designing the curriculum and certifying the trained graduates. 10
Post-training, PIA are required to place a minimum of 70 percent of trained individuals in jobs which offer regular monthly wages at or above a minimum monthly wage of Rs.6000. 11 The scheme has provisions for post-placement financial support. 12 To enhance employment sustainability all trained/placed candidates are tracked for one year. During this year they are also entitled to counselling and guidance. 
Sampling approach and data
The sampling and data collection approaches were developed in collaboration with a local NGO, which is also a DDUGKY implementing partner. 15 The district where the data collection was carried out is located in North Bihar and was selected as the first author is conversant with the social context and the language and also because the selected district started implementing the scheme in 2014 which provides a sufficient number of trained individuals to carry out an evaluation. The selected district is not particularly different from other rural areas of Bihar. The bulk of the population is engaged in agriculture, non-farm opportunities are limited and caste remains a dominant social marker.
The NGO provided a complete list of 520 individuals who had participated in its 3 month (576 hours) residential retail sales training course and a complete list of an additional 721 applicants who had shown an explicit interest in the course and had filled the field registration form but subsequently did not pursue the process and did not participate in the course. The lists were checked to ensure that there were no duplicates and that program participants did not also appear in the list of program non-participants and vice versa. Keeping in mind statistical and budgetary considerations, about 50 percent of the participants (263 participants) and an equal number of non-participants were randomly sampled, yielding a total sample of 526 participants and non-participants. 16 Data collection was carried out between July and August 2016 by a team led by the first author. The survey instrument gathered information on a range of individual and household socio-economic and demographic characteristics including questions on the respondent's religion, caste, age, sex, years of education, occupation, income and membership of various social programs. In addition, information on the same characteristics was also collected for parents of the respondents as well as on their land holdings and housing characteristics.
The survey gathered information on current (post-training) employment and earning status of participants and non-participants, that is, between 2 to 6 months after completion of the course. We also enquired whether they were offered jobs after training, as well as their employment and earnings status at the time that individuals applied for the training programs (pre-training). Thus, we have information on employment outcomes at three points in time, that is, pre-training, immediately after training, and 2 to 6 months after training. The pre-training information and immediate post-training employment and earnings status are both based on recall which may raise concerns about the quality of the data. However, given the short duration of the course and the relatively short time-span between program inception and the survey this is unlikely to be a problem. At most, respondents were being asked to recall their employment and earnings 9 months before the survey. 17
16 Based on an employment rate of 10 percent for the control group (see Maitra and Mani, 2013) and a modest expected effect of a 10 percentage point increase in post-training employment, a sample size of 526, equally split between participants and non-participants and 5 percent probability of making a type I error has a power of 0.87. The expected effect may seem large as compared to the effects reported in the literature but it is close to the 8-10 percentage point effect on employment as reported in Maitra and Mani (2013) and Alzua et al. (2016) . Given the nature of the intervention which is expected to achieve 70 percent post-program job placement, the expected effect size used to compute power is very modest.
In addition to the structured survey, the instrument contained a set of open-ended questions which asked participants why they enrolled and likewise asked non-participants why they did not enrol. Additionally, for those who had been offered jobs after training and were no longer working, we also enquired why they had not continued with the jobs that they had been offered.
Analytical Framework

Participation in the DDUGKY
The scheme is intended for rural poor youth and the first issue that we examine is whether the program reaches its intended target group. Since the scheme is intended for below-poverty-line (BPL) families and/or if any household member participates in a self-help group (SHG), in addition to analysing the role of several individual and household socio-economic and demographic characteristics, we explicitly examine the link between being a BPL or a SHG household and program participation.
Specifically, the probability that an individual (i) joins the scheme (DDUGKY = 1) is treated as a function of individual characteristics (I) including, sex, age, years of education, religion and caste of the applicant; household characteristics (H) include age and education of parents, father's occupation, land holdings, ownerships of house, type of house, monthly income, BPL card holder and whether any member of the household is a member of a self-help group. To control for supply-side effects (SS), we also control for distance to the training centre.
Accordingly, the probability of enrolling in the training scheme is scheme is written as,
and several variants of (1) are estimated using a probit specification.
Impact of DDUGKY
There are two approaches that may be used to assess the impact of the DDUGKY. First, we
propose to rely only on the current (post-training) outcomes and estimate the effect of having received training on employment and earnings (y i ), after controlling for individual and household characteristics. That is,
where,  is the coefficient of interest.
This cross-sectional approach is likely to yield unbiased estimates only if selection into the program is based on observables. However, despite using a control group of those who had displayed an interest in the program (completed the field registration form) but did not subsequently pursue the process, it is possible that those who did eventually join are different in terms of their unobserved characteristics as compared to who did not join the scheme. For instance, participants may be more motivated which might influence their decision to participate in the training programs and may also affect their chances of finding employment. That is,
 .
An alternative, since we have information on pre-training and post-training outcomes, is to estimate a value-added or panel data version of (2). That is, we estimate the extent to which changes in employment and earnings may be attributed to participation in DDUGKY after controlling for time ( t  ) and individual fixed effects ( i  ). That is,
This specification will yield unbiased estimates of the program on employment and earnings, as long as participation and outcomes are driven by time-invariant unobserved characteristics.
However, if the two groups (participants and non-participants) are exposed to different timevarying idiosyncratic errors then estimates based on (3) are still likely to be biased. While this is unlikely, given that both groups reside in the same district and there is a fairly short time-span between pre-and post-training, it remains a possibility. The average individual who has shown an interest (that is, both those who attend and do not attend) in the training programs is about 21 years old and has about 15 years of education.
Results
Descriptive Statistics
The majority of the sample (69%) is male and a similar proportion (71%) falls in the category of scheduled caste/tribe (SC/ST). Almost all the respondents (92%) belong to below-poverty-line households and 37% live in non-permanent houses. Only about 9% report that they are employed and conditional on being employed they earn about Rs. 5000 a month. The main point emerging from the descriptive statistics is that the training program is clearly well-targeted at rural poor households. For instance, the proportion of SC/ST in the sample is substantially higher than the proportion for Bihar (17.3% according to Census 2011). Similarly, the estimated head count ratio of poverty in rural Bihar is 34.3% (Reserve Bank of India, 2016) while in the sample it is more than 90%.
With regard to the individual traits of the respondents, comparison of means across the two groups shows that there are no statistically significant differences in terms of the outcome variables across the two groups. Both groups are equally likely to be employed and conditional on employment have, on average, the same monthly earnings. Age and caste composition is also similar. While the difference in educational attainment is statistically significant the difference is not substantial, 15.7 years of education for participants versus 15.3 for applicants. There are differences in the gender composition with a smaller proportion of males (66%) in the training group (66% versus 73%) and at the same time those who opt for training are more likely to be married (22% versus 13%). With regard to their household background -both groups are equally likely to belong to below-poverty-line households, their household incomes are similar and they also have access to the same housing infrastructure. There are differences in the educational and occupational backgrounds of their parents. Those who attend training have more educated fathers (7 versus 5 years) who are more likely to be self-employed in agriculture.
Consistent with the difference in occupational distribution, their families also own more land (6 versus 3 kathas). Although, the training course that they attend is residential, participants live about 5 kilometres closer to the centre than non-participants (25 versus 30 kilometres).
Overall, while not perfectly balanced, the approach of comparing those who participate versus those who register for the program but finally do not join appears to deliver an arguably credible control group. Differences across the two groups are not very pronounced. Most notably, before the training, the two groups are similar in terms of their employment and earnings outcomes as well as their caste, BPL, household income and housing quality status.
There are differences in parental education, father's occupation and agricultural land holdings, however, these are likely to be time-invariant and may be partialled out while estimating the effect of training on changes in employment and earnings.
Program Participation
Notwithstanding the discussion of the participant-specific descriptive statistics which provide an idea of factors that influence participation, formal estimates of program participation are provided in Table 3 . Consistent with the descriptive statistics, across the various specifications, education -both of the respondent and the father of the respondent are positively associated with participation. Married individuals are 11 to 15 percentage points more likely to participate perhaps due to a greater sense of responsibility and a desire for economic independence. As compared to all other occupational categories, children of parent's whose fathers are selfemployed in agriculture are substantially more likely to seek training. The estimates show that employment in agriculture is even less attractive than working as a daily wage worker and it appears that rural youth are keen on seeking out non-agricultural opportunities. Apart from these variables, and not surprising given the balance between the two groups, sex, age, caste, household income, agricultural land owned and poverty status have no bearing on participation.
In addition to the formal estimates, Table 4 provides information based on conversations with respondents on their reasons for joining or not-joining the scheme. As far as participants are concerned, the most common reason to enrol is their expectation that the training will increase their income (60%), followed by boosting their chances of acquiring an urban life-style (55%), their inherent interest in the course on offer (55%), the best available option at the time (52%) and an increase in their social status (49%). Although, it was not mentioned as often, 22%
expected that the course would help them join "mainstream development" -which along with a desire to acquire an urban life-style, may also be interpreted as a desire to move away from rural occupations and rural areas.
Non-participants were asked who took the participation decision and to provide the single-most important reason for not-participating. In a majority of the cases (59%), individuals decided not to attend of their own volition, parents decided in 27% of the cases and for the remainder (14%), the training institute did not follow up -for no clear reason or because they did not fulfil the eligibility conditions. 18 The most commonly mentioned reason (21%) for not joining was that the expected salary (Rs. 6000 a month) post-training was not attractive enough, followed by family responsibilities (18%) and that they were seeking alternative educational opportunities (16%). Distance to the training center was mentioned by 10% of the respondents and negative feedback about the course by 6.5%. Tables 5 and 6 The ostensible reason appears to be discrimination at the hands of their employers and employees. The respondents reported that they were treated harshly due to their low-caste status, most of the time by other employees and at times by employers. For instance, they were not allowed to use toilets, kitchens and to eat or sit in common areas designated for such purposes. The remaining 35 participants had been offered out-of-state placements (in urban areas) and despite the desire to access an urban life-style and seek out nonagricultural opportunities, they rejected these offers as the salaries offered were deemed to be too low as compared to living costs. 19 Some rejected offers on the spot while others worked for a short while before returning to their homes.
Impact of DDUGKY
Employment
Quality and nature of jobs
While there is no discernible effect of the program on employment status, it is possible that the training program translates into better quality of jobs as captured by higher wages and/or enhances the ability of participants to access non-agricultural jobs. Information on the impact of the training scheme on monthly earnings is provided in Tables 5 and 6 . Earnings of participants does seem to be higher, however, regardless of whether we control or not for various characteristics or rely on the fixed-effects as opposed to the cross-section estimates, we are unable to detect a statistically significant impact of the training program on earnings. The occupational distribution of participants and non-participants is displayed in Table 7 . There are clear differences across the two groups. While the occupational distribution of the nonparticipants does not exhibit much variation over time, there is a clear change in the case of participants. All those who participated and are now employed are working in the informal, nonagriculture sector in wage paying positions. Based on their desire to move away from agricultural occupations, the post-training occupational distribution is a positive development.
Rates of return
The training course offered by the PIA in the current analysis was budgeted at Rs.61,304 per participant. While some of the payments such as transport are based on actuals, and others only need to be paid out if targets are met, the tuition cost and the living costs of the participants or in other words the minimum cost that has to be incurred by the government for the three-month residential training course is Rs.37,439. Both the minimum cost and the budgeted cost are likely to underestimate the total cost of producing a trained graduate as these don't include payments to various other stakeholders involved in the scheme. Based on the available macro data on the total 19 During discussions the respondents explained that if they are placed anywhere outside their home districts then expected expenditure on house rent would lie between Rs.2500 to 3000. They expect to incur between Rs.3000 to 3500 on food and other items to meet basic needs. So with a salary of Rs.6000 they do not expect to remit more than Rs.500 to their families and this is too small an amount to warrant an out-of-district placement. They repeatedly mentioned that they would be more than happy to work for a salary of Rs.6000 within the district.
resources expended on the DDUGKY since inception and the number of trained individuals, the per person cost of training a graduate is estimated to be Rs. 217,210. We work with these three cost estimates to provide a sense of the rate of return to the current training course based on achieving different employment impacts (see Table 8 ).
Based on the minimum cost and the estimated 3% employment effect (Table 6, Keeping all other parameters fixed, this translates into a healthy internal rate of return (IRR) of 23.3 percent. If we assume that the appropriate cost measure is the budgeted cost then the IRR drops to -3.1% for the 3% employment effect and 13.2% for the employment effect if there had been no discrimination. If we work with the estimated cost per trained graduate obtained from the macro level data then the corresponding returns for the low and high employment effects are -12.1 and -1.9, respectively. Based on this macro-level cost estimate, the employment effects needs to be at least 15% to break even and 30.6% in order to deliver an IRR of 8% which may be considered the opportunity cost of capital.
The DDUGKY scheme requires a 70% job placement rate at an annual minimum salary of Rs. 72,000 from the PIA. This is clearly an impossible target, setting aside the issue of whether such dictated job creation approaches are at all sensible. Nevertheless, what these calculations show is that on the basis of the full-cost of producing a trained graduate an employment impact estimate of about 15% yields a non-zero rate of return. This is not an impossible target and in the case of the training program under scrutiny the employment impact corrected for discrimination (12.3%) is not so far from the employment impact needed to deliver positive returns.
Concluding remarks
Since 2014, the government of India has launched a number of skills training and job placement schemes. While substantial resources are being expended on this and similar schemes, there is very little evidence on their effectiveness in reaching their intended target and in generating employment opportunities.
This paper focused on evaluating the effects of one of the most prominent all-India schemes, the 'Deen Dayal Upadhayay Grameen Kaushal Yojana' (DDUGKY), which targets rural youth from poor families. That is, a group which is most likely to face a skills gap and for whom such skills training programs should be particularly effective. We focused on the effects of the scheme in rural Bihar, one of India's poorest states. The analysis was based on comparing individuals who had attended a training course sponsored through the scheme with individuals who had applied but did not eventually attend the training.
The empirical approach delivered comparable groups. Our assessment showed that the scheme is very well targeted and more than 90% of those who attended the training and showed an interest in the scheme belonged to below-poverty-line families. With regard to employment effects, 42% of the graduates were placed immediately after the training, which translates into a 29% percentage point impact of training on employment. However, these gains were short-lived and within two to six months after training, the impact of the scheme on employment was statistically not different from zero. About a third of the placed graduates left their jobs due to caste discrimination and a third exited as the salaries offered were too low as compared to their expected living costs. While employment effects were zero, the training did help graduates move from agricultural to non-agricultural positions.
The analysis presented here focused on one training course in one district of rural Bihar.
While this paper does not paint a very optimistic picture of scheme-induced employment effects nor is it overtly negative about the scheme itself. Indeed, in the current case the positive effects of the scheme appear to have been partially undone by deep-rooted discrimination. It is entirely possible that other courses offered in other parts of the country are able to achieve higher placement rates and that trained graduates are not subject to post-placement discrimination. 20
Notwithstanding this possibility, what this paper highlights is the urgent need for credible analyses of the slew of skills and job training programs that have recently been launched by the government. These analyses should focus not only on initial job placement but also examine employment status after a time lag. Finally, while simply dictating job creation through such skills training courses and demanding 70% placement is unlikely to succeed, the analysis presented here
shows that employment effects in the range of about 15% are likely to deliver a non-zero return. 20 The placement rate of 42% achieved by the current course immediately after training is not very different from the macro figures for DDUGKY which show an initial job placement rate of 49.6%. Notes: For those who participated, multiple responses were possible. Nonparticipants were asked to indicate who decided and the most important reason for not participating. Number of observations are reported in parentheses. Notes: The total number of observations is 263 for participants and 263 for non-participants. Standard deviations for continuous variables are in parentheses. Post-training refers to outcomes between 2 to 6 months after training. Notes: Standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1. Estimates in columns 2 and 5 control for all the individual and household
Characteristics included in the participation regression (see Table 2 ). Estimates in column 3 and 6 control for individual fixed effects (FE). 
